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POBOYA NIPOIT'PAMA HABYAJBHOI JUCLHUILIIIHA

IpuxaagHi MeTOAH IHTEJIEKTYAJbHOI0 AHAJI3Y JAHUX Ta 3HAHb

MiATOTOBKM 3/100yBa4iB CTyNeHs BUIOI OCBIiTH
TpeTii (OCBITHHO-HAYKOBUI)
nokTopa ¢isocodii

rajgy3b 3HaHb 11 Maremartuka Ta CTaTUCTHKA

cneniagabHicTh 113 [IpuknagHa MareMaTuka
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Po6oua HaByanbHa Mporpama HaB4YaIbHOI auctumuiian «IIpuknagai MeToau
IHTEJIEKTYJIbHOTO aHAJ3y JaHWX Ta 3HaHbY» JJIA 3400yBadiB HAyKOBOTO CTYIEHS

noktopa ¢dimocodii 3a cnemianbHicTio 113 [Ipuknagna maremaTrka

Po3po6Huk:
Cenuenko Onekciit CepriiioBud, CTapiinii HAYKOBUN CIIBPOOITHUK BIAJILTY

TEOpii KEPYIOUUX CUCTEM, KaHTUAAT (PI3UKO-MATEMAaTHYHUX HAYK, OIEHT

Po6ouy nporpaMmy cxBajieHO Ha 3aClJaHHI BILITY TEOpIii KEPYIOUUX CUCTEM.
[Tpotoxomn Ne 4 Bix 18 Bepecus 2025 poky.

-

3aBimyBau Bimainy e Kononos I0.M.

CxBaneno HaykoBo-MeTOAMYHOIO Pajol0 [HCTUTYTY NPUKIAAHOI MAaTEMATHUKH 1
mexaHiku HAH Ykpainu.

[Tporokomn Ne 4 Bin 22 Bepecust 2025 poky.
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1. Onuc HaBYAJILHOI AUCIHUILTIHA

HaiimenyBanns
MMOKa3HUKIB

["airy3p 3HaHB, HAIIPSIM
MATOTOBKH, OCBITHBO-
KBaJTiiKaliiHUIA piBEHb

XapaKkTepruCTUKa HaBYAIbHOT
JUCLUILIIHA

KinbkicTh KpeauTiB - 4

l"any3b 3HaHBb:
11 MaremaTuka ta
CTaTUCTUKA

JIMCIUTLIIHA BUIBHOTO BUOOPY
acripaHTa

3arajibHa KiJgbKiCTh TOAUH
-120

CrenianbHICTb.

113 Ilpuknanna MaTemMaTuka

Pik miaAroToBKu:

1-2

Cemectp

2,3

Jlekmii

THXHEBUX TOAMH:
aynutopHux — 1,5

camocrTiitHoi podotn — 1,7

OcBiTHBO-KBaMi(piKamiifHu i

piBEHbB:
TOKTOp diocodii

28 rox

[IpakTruni

28 rox

CamocriitHa poboTa

64 ronx

Buna koHTpOMIO: icHAT




2. MeTa, 3aBIaHHSI Ta OYiKyBaHi pe3yJbTaTH HABYAJIbHOI JUCIHUILTiHUA.

Metoro HaByanbHOI muctuiuliak «[IpuKmTamHi METOIM IHTENEKTYaJIbHOTO
aHaji3y JaHUX Ta 3HAHB» € TMOCIIJIOBHE BUKJIAJEHHS METOJIIB Cy4acHOi 0OpoOKHU
JaHUX — aHATITUYHOTO JTOCJIIKEHHSI BEIMKUX MACHUBIB JAHUX 3 METOIO BHSIBJICHHS
y HUX HOBUX, paHille HEBIJOMHUX, HETPUBIATbHUX, MPAKTUYHO KOPUCHUX 3HAHb 1
3aKOHOMIPHOCTEH, HEOOXITHUX ISl MPUUHATTS PIIIeHb Yy PI3HOMAaHITHX cdepax
JIOACHKOI  MISTIBHOCTI,  PO3TJSA  MPAaKTUYHMX  TPUKIATIIB  3aCTOCYBAaHHSA
IHTEJIEKTYaJIbHOTO aHaji3y NaHuX Ta OIJIAJ METOMAIB, MPOrPaMHUX MPOIYKTIB 1
pI3HUX IHCTPYMEHTAIbHHX 3aC001B, K1 BAKOPUCTOBYIOTHCS B aHATI31 JaHUX.

3aBaaHHsA HaBYAJIbHOI JUCLIUIUIIHUA.

® O3HAlOMJICHHS Ta OBOJIOJIHHA KIJIACUYHUMU Ta CY4aCHUMHU METOJIaMU
IHTEJIEKTYaJIbHOTO aHaII3y JaHUX;

® OBOJIOJIIHHS TEOPETUYHUMU IOJIO)KEHHSIMHU Ta OCHOBHUMH 3aCTOCYBaHHSIMHU
JiHIAHOT anrebpu, Teopii 0a3 maHuUX, Teopli WMOBIPHOCTI, MAaTEeMaTHYHOI
CTaTUCTUKHU, AOCTIIPKEHHS Olepaliil y uux MeTojax;

® OTpPUMaHHS TMPAKTHYHUX HABHYOK 3 BHKOPHUCTAHHS IHCTPYMEHTAIBHHUX
3ac001B 1HTEJIEKTYaJbHOTO aHaji3y JaHUX IpPH PO3B’S3aHHI MPUKIATHHUX
3aJlay Ta BIPHOI IHTEpIpETAallli OTPUMAHUX PE3YJIbTATIB.

OuikyBaHi pe3yJibTaTH HABYAJIbHOI JUCHMILIIHA

3arajibH1 KOMIIETEHTHOCTI:

¢ 3K1. AHani3 i cuHTe3. 3IaTHICTh IO aHAJ3y Ta CUHTE3y Ha OCHOBI JIOTTYHUX
apryMeHTIB Ta MepeBipeHHX (aKTiB, HABUYKU YIPaBIIHHS 1H(POPMAIIIEIO
(YMiHHSI 3HAXOJIMTH Ta aHAII3yBaTH 1H(GOPMAIIIIO 3 PI3HHUX JHKEpen).

¢ 3K3. 'myukicth MucneHHs. HabyTTs THy4Koro cnoco0y MUCIIEHHS, SIKUW J1a€
MO>KJIMBICTB 3pO3yMITH U pO3B’sA3aTH MpoOJeMHU Ta 3aj1adi, 30epiratouu npu
IIbOMY KPUTHYHE BiTHOIICHHS 0 YCTAICHUX HAYKOBUX KOHIICTIIIIH.

e 3K4. KpearuBHicTh. IloTeHiian KpeaTHUBHOCTI y TE€HEpYBaHHI 1€l Ta
JIOCSITHEHH1 HAYKOBUX II1JIEH.

¢ 3K5. I'pynioBa po6oTa. 3gaTHICTh 10 B3aeMo/Iii (poOoTa B KOMaH/I1); 37aTHICTh
MPAIfoBaTH B MKIUCIUTITIHAPHIA KOMaH/II.

¢ 3K7. MixHapogHuil Kpyrosip. 3IaTHICTh MpalioBaTH B MIKHAPOAHOMY
CEpellOBUII, CTABUTHUCS 13 TMOBarol 10 HAIIOHAIBHUX Ta KyJIbTYPHUX
Tpajauiliii, cmoco0iB poOOTH 1HILIUX YIEHIB IPYIIH.

¢ 3K8. IlonynspuzamiitHi HaBUYKU. BMIHHA croiakyBaTucsa 13 HedaxiBIsIMU;
3ATHICTh TIPOBECTH YCHY MPE3CHTAII0 Ta HAMMCATH 3PO3yMiTy CTaTTIO 3a
pe3ynbTaTaMu TPOBEICHUX JOCHIHKeHb, a TaKOX II0J0 CYYacCHHX
KOHIICTIIIH y TPUKIAAHIN MaTtemaTuill ais HedaxiBIiB y Iiil ramy3i;
3[ATHICTH CIILIKYBATHUCS 3 €KCIIEPTAMH 3 1HIIUX rary3e.

¢ 3K11. Etnuni ycranoBku. ETHMKa TOBEIIHKM B HAYKOBHX ITOCIIIKCHHSX;
TypOOTa PO SAKICTh PE3YNbTATY.

¢ 3K12. OcolOucti skocTi. 37aTHICTh JO HaBYaHHS, CAaMOPO3BUTKY Ta



CaMOBJIOCKOHAJICHHS TPOTSITOM JKHUTTS; BHU3HAUYEHICTh 1 HAIOJICTJIMBICTh
1010 TTIOCTABJIEHUX 3aBJAaHb 1 B3ATUX 000B’A3KIB.

@daxoBl KOMIIETEHTHOCTI:
@®K2. 3paTHICT, 3aCTOCOBYBATH CyYacHY METOJMOJOTII0, 3arajibHi Ta
crelialbHl METOAU HAYKOBOTO JOCIIIKEHHS 3a CHEI[iaIbHICTIO Ta 00PaHOI0
CIIeIiaTi3alli€ro.
®K 5. YMinHsS OyayBaTH aJIeKBaTHI MaTeMaTH4HI MOJENI, JOCIIIKYyBaTH
moOy/1I0BaH1 MOJIEJ Ta BU3HAYATH MOKJIMBOCTI 1X 3aCTOCYBaHHSI.
®K 8. 3maTHiCTh 3AIMCHIOBATH JOCIKCHHS TPUKIAJIHAX MaTeMaTHYHUX
3a7a4 3 BUKOPHUCTAHHAM CIEIlaJbHUX MaTEeMaTHUYHUX IIaKeTIB Ta
aHaI3yBaTH OTPUMaHI JIaHI.
®K18. 3paTHICTh €()EKTUBHO aHaIi3yBaTH BEJIHMKI HAaOOpH PI3HOPITHUX
JAHUX 13 BUKOPUCTAaHHSIM METOJIB MAIIMHHOTO HaBYaHHS, CTATUCTHUKH,
HITYYHOT'O 1HTEJIEKTY TOIIO.

[Iporpamui pe3yibTaTi HABYAHHS:

[IPH 1. 3natu Ta po3ymiTu TpajuIliiHI Ta TEPEeNOBl TEHIEHIi B ramysi
MPUKIAAHOI MATEMaTUKH, €Talmu ICTOPUYHOTO PO3BUTKY MATEMAaTHUYHUX
3HaHb 1 mapaaurM, GopMyBaHHS MOTIUOJIEHOT CUCTEMU HAyKOBUX 3HAHb 3a
HaIMpsMOM JIOCTiKEHb.

[IPH 3. 3Hatu OCHOBHI MNpUHUHUIHK, (OPMH Ta METOAM MPOBEACHHS
HAyKOBUX JIOCHI/PKEHb B Taly3l MNPUKIAIHOI MaTEMaTUKH, BOJOIITH
MaTeMaTUYHUM amnapaTtoM B 00°eMi, JOCTaTHbOMY JUisl MpodeciiHOol
TISUTBHOCTI.

[TPH 4. BmiTu OyayBat Ta JOCHTIKYBaTH MaTeMaTHYHI MOJEi (hi3UIHUX,
COITlaJTbHO-CKOHOMIUHHX, TEXHIYHUX, O10JJOTTYHUX TOIIO MPOIECiB, CUCTEM,
mpoiieciB, QgopmaiizyBatd MpoOJeMHU, OIMUCaHI MPUPOJHOI MOBOIO, 3a
JIOIOMOTOI0 MaTEMAaTUYHUX METO/IIB, 3aCTOCOBYBATH 3arajibHl MIIXOAH JI0
MaTEMaTHYHOTO MOJICTIOBAaHHS KOHKPETHUX MPOIIECIB.

[IPH5. MaTtu HaBMYKM BHUKOPUCTAaHHA  3arajpHuUX O(QICHUX Ta
CHeIlali30BaHUX MPOrpaMHUX 3aco0iB  3a HampsMoM  MpodeciiHol
JUSITEHOCTI, BMITH KOPUCTYBATHCS CHCIIaII30BAHUMU 1IHTEPHET-PECYpCcCamu.
[IPHY9. Bwmitu opranizyBaTd HENEpEepBHUN BIACHUN CaMOPO3BUTOK 1
CaMOBJIOCKOHAJICHHS, HAOYTTS THYYKOTO CIIOCOO0Y MUCJICHHS TIPU TBOPUOMY
JOCITIJIKEHH1, B TOMY YHUCJII MPUKIATHUX MAaTEMAaTHIHUX TTPOOIIEM.

[TPH 15. Ymitu 3aiicHioBaTH 301p, OMpaIlfoBaHHs, aHai3, CUCTeMaTH3aIllIo,
3aXMUCT CHEIIali30BaHO1 HAyKOBO-TEXHIYHOI 1HGOpMaIlli 3 pi3HUX JKeped,
YHUKAIO4M MpPU [IbOMY aKaJeMIYHOI HEI0OpOYECHOCTI, pOOUTH Bi3yasi3allito
aHani3y iHpopMallii.

ITPH 17. 3Hatii OCHOBHI YHCEIIbHI METOIH Ta aJTOPUTMH PO3B’sI3aHHS 3a]1a4
MPUKJIATHOI Ta 00YMCITIOBAIEHOT MATEMATHKH.



e [IPH 18. 3Hatu Ta BMITH JOCIIPKYBaTU OCHOBHI MaTeMaTH4HI MOJEII, 1110
BUKOPHCTOBYIOTBCS JIJII OINMCAHHS Ta JOCTIIHKCHHS JUCKPETHUX CHUCTEM
PI3HMX THIIIB, PCai30ByBaTH AJITOPHUTMH MOJICITIOBAHHS IS JOCIIIKCHHS
XapaKTEPUCTHK 1 IOBEIIHKM CKIIAJHUX OO0 €KTIB 1 CHCTEM, IPOBOJIUTH
CKCIICPUMCHTH.

3a pe3yibTaTaMd BUBYCHHS HABYAJIBbHOI TUCIMIUIIHK 3700yBaud JIOKTOpa
¢bi1ocodii MOBUHEH:
3HATH:
e (0a30Bi BU3HAYEHHS, 3MICTOBY 1 MAaTEeMAaTHYHY MOCTAHOBKY OCHOBHHX 3ajau
aHai3y JIaHUX Ta CIOCOOM iX PO3B’S3KY;
® CYTHICTh 1 BJIACTHUBOCTI OCHOBHMX QJITOPUTMIB IHTEJIEKTYaJIbHOIO aHaji3y
TaHUX;
® OCHOBM  OpraHizamii Ta  TEXHOJIOTii  KOMIT'IOTEpHOI  0OpOOKHU
eKCIIEPUMEHTAJIbHUX 1 CTATUCTUYHUX JAHUX.

BMITH:
e 00rpyHTOBYBaTH BUOIp 3aCO0IB 1 METOIB /ISl PO3B’SI3KY KOHKPETHHUX 3a/1a4
aHasi3y JaHUX;
® 3aCTOCOBYBAaTH BHBUYEHI METOAM aHAII3Y JAHUX,
® TIPEACTABIISATH PE3YyIbTaTH aHAII3y B 3pDYUYHOMY JUISl CHPUMHSITTS BUTIISAII.

3. [Iporpama HaBYAJBHOI AU CHUIIIHI

Tema 1. Cucremu minTrpumku pimens (CIIP). [3: 10-19; 4: 62-67; 8: 1-22]

1. Crpykrypa CIIP. Knacudikariis 3aga4 aHani3y JaHUX.

2. ba3u nanux. 12 mpasun Komna mist pensimiiinnx 60a3 naHux.

3. OLTP-cucremu. OcuoBHi cynepednocti mixk OLTP- ta CIIP-cucremamu.

Tema 2. CxoBumia ganmx. [1: 95-140; 5: 30-36; 7: 27-62; 9: 75-102; A3: 83-120]
1. O3HaueHHs Ta BIACTUBOCTI CXOBHUIIA JaHUX.

2. Oprani3aliisi CXOBHIIA JaHuX. BiTpuHa qaHux.

3. OcHOBHI oneparlii 3 JaHUMU TIPH MEPEMIIIIEHHI iX 0 CXOBHIIIA.

Tema 3. OLAP-cucremu. [1: 144-192; 8: 23-112; JI3: 135-149, 156-164]

1. Oneparii 3 gaHUMU, TPENCTABICHUMH y OaraToBUMIpHIA Mozeni. O3HadYeHHS
OLAP-cuctem.

2. IlpaBuna Kogna nis OLAP-cucrem.

3. Apxitektypa OLAP-cucrem.

Tema 4. InTesexkTyaabHuii anamiz panmx. [1: 18-52; 3: 15-19; 13: 83-120; A5:
30-34]

1. 3amaugi Data Mining.

2. [lpaxtuune 3actocyBanHs Data Mining.

3. Mogaeni Data Mining.

4. 3acobou Data Mining.

5. [Ipouiec BUSIBIICHHSI 3HAHD.



Tema 5. «M’siki» o6uncaenns y Data Mining. [1: 199-293, 431-522, 545-634,
2: 109-135, 210-259, 3: 96-99; 4:68-74; 5: 198-233; 6: 42-95]

1. EBosto11iitH1 TEXHOJIOT1i Ta TeHETUYHI aJITOPUTMH.

2. Heuitka norika.

3. Heitponni mepexi.

Tema 6. 3agaui knacudikanii nanux y Data Mining. [1: 640-690; 3: 39-44, 46-
60; 4: 23-37; 5: 114-153; 6: 111-130; 7: 285-388; 8: 113-192; 9: 485-529; I3:
327-438; J14: 49-89; 15: 21-22]

1. Cnocobu mpexacraBieHHS (YHKIIOHAIBHUX 3aJeKHOCTEM Yy 3ajadax
Kkiacuikartii.

2. 1R-anroputm Ta meron Naive Bayes.

3. MeToj onopHUX BEKTOPIB.

4. Meroauka «po3iIsi Ta BOJIOAAPIOI».

5. Anroputmu ID3 ta C4.5.

6. AITOPUTM TOKPUTTS.

7. JIiH1HI Ta HEMHINAHI aNTOpUTMH KiTacu(iKarii.

Tema 7. 3amaui perpecii y Data Mining. [2: 107-109; 3: 44-46; 4: 16-23; 5: 255-
287; 11: 96-108; [2: 243-253; J13: 99-105; 4: 91-94, 148-152]

1. BiaminHOCTI MiX 3a7a4amMu Kiacudikaliii Ta perpecii.

2. [TobynoBa nepeBa perpecii.

Tema 8. Anani3 wacoBux psaais. [3: 20-38; 5: 164-197; 6: 136-142; 7: 457-492,
J1: 82-95; J12: 311-312; JA3: 586-591]

1. ITonsTTs 9acoBorO psAy. ETanmu mporao3yBaHHs YaCOBHUX PSIIB.

2. Kimacudikarrist Ta eKCTparmoIsIlis YaCOBUX PSIiB.

3. JlinifiHWI qUCKpUMiHAHTHUH aHai3 yacoBux psmiB (LDA).

4. KBagpaTu4HUi TUCKPUMIHAHTHHIA aHai3 yacoBuXx psiaiB (QDA).

Tema 9. Auropurmu kJjaacrepizanii y Data Mining. [1: 691-750; 3: 61-95; 4:
42-51; 5: 77-113; 6: 97-111; 7: 153-237; 8: 525-612; 9: 446-484; A1: 109-128;
N2: 136-139, 254-270; [14: 245-261]

1. Knacrepizaiia y Data Mining.

2. lepapxiuHi anropuTMu KiacTepizaii.

3. HeiepapxiuHi aaropuTmu KiacTepizarliii.

4, Knacrepizarllis i3 BUKOPUCTaHHSM HEUITKUX BiJTHOIICHbD.

Tema 10. ITomyk acomiaruBHux npasua y Data Mining. [1: 322-430; 2: 75-87,
4: 38-41; 5: 154-163; 7: 93-152; 8: 357-450; 9: 563-590; JA1: 129-150; A2: 112-
118]

1. ITocTanoBKa 3aja4i MOIIYKY aCOLIATUBHUX MTPaBUJI.

2. Anroput™M Apriori Ta Horo pi3HOBHIH.

3. AnroputMm Eclat.

4. AAropuT™MHu Ha OCHOBI MHOXHHH BY3JIiB.

Tema 11. EieMeHTH KOMII’I0TepHOI JiHrBicTku. Text Mining. [3: 244-276; 6:
136-142; 7: 429-456; 9: 591-608; A2: 351-356]

1. 3amagi Text Mining.

2. Meroau xmacudikaiii Ta Kiactepizarii TeKCTOBUX JTOKYMEHTIB.

3. 3acobu aHani3zy TeKCTOBOI iHpOpMaIlii.



4. Emnipuuni 3akonomipnocti Hunda, bpeadopaa, Ximnca.

5. OHTONOTTI.

Tema 12. Data Mining y peanbsHomy uaci. [3: 117-153; 6: 172-196; 7: 389-428]
1. Konnernmis Data Mining y peaasHOoMYy 4aci.

2. PexoMmeHmariiini CUCTEMU.

3. Incrpymentu Data Mining y peanpHOMY Yaci.

4, CTpyKTypa HAaBYAJIbHOI JUCHUILTIHU

KinekicTs rognn
Y TOMY YU CJIi
HasBa Temn o 3 E - )E -
S = = :
2 = = e = 5
o - = QS
> 2 2= e 3
= &)
1 2 3 4 5
Tema 1. CucreMu miATPUMKH pillICHb 7 2 2 3
Tema 2. CxoBuIIa JTaHUX 7 2 2 3
Tema 3. OLAP-cucremu 8 2 2 6
Tewma 4. IHTenekTyaabHUIN aHaJi3 JaHUX 9 2 2 B
Tema 5. «M’siki» obuncnenns y Data Mining 12 2 2 8
Te_M?. 6. 3anmaui knacudikarii qanux y Data 14 4 4 5
Mining
Tewma 7. 3amaui perpecii y Data Mining 10 2 2 6
Tewma 8. AHami3 yacoBUX pATiB 9 2 2 5
Tema 9. Anroputmu kiactepizaiii y Data Mining.| 10 2 2 6
Te_M?. 10. IMomyk acomiatuBHuX mpasuin y Data 10 2 2 5
Mining.
Tema 12!.. _EneMeHTH KOMIT FOTEPHOI JIIHI'BICTHUKH. 14 4 4 5
Text Mining
Tema 12. Data Mining y peaisHOMY Haci 10 2 2 4
Ycboro roann 120 28 28 64




5. TeMu MpPaKTHYHHUX 3AHATH

] Hasea Temu KiabkicTn

3/m TOANH
1 | Cucremu migTPUMKH PilICHb. 2
2 | CxoBuIna IaHMX. 2
3 | OLAP-cucremu. 2
4 [HTEeNneKTyanbHU aHAITI3 TAaHUX. 2
5 | «M’ski» obuncnenns y Data Mining. 2
6 3anaui kaacudikamii garux y Data Mining. 4
7 | 3amaui perpecii y Data Mining. 2
8 | Anani3 yacoBux psmis. 2
9 | Anroputmu Kiactepisarii y Data Mining. 2
10 [ IMomyk aconiarnBHux npasui y Data Mining. 2
11 [ Exementn xomn’rorepHoi inrBicTiku. Text Mining. 4
12 [ Data Mining y peaisHOMY Haci. 2
Pa3om 28

6. Temu ass camocTiiiHoi po6oTH
] Hasea Temu KisnbkicTn

3/m rOANH
1 | Cucremu niaTpuMKH pillleHb 3
2 | CxoBumia qaHmnx 3
3 | OLAP-cucremu 6
4 | InTenektyanbHUM aHATI3 JAHUX B
5 | «M’ski» obuncnenns y Data Mining 8
6 3amaui knacudikariii nanux y Data Mining 6
7 | 3amaui perpecii y Data Mining 6
8 | Anani3 yacoBux psniB 5
9 | Anroputmu knacrepi3zaiii y Data Mining 6
10 [ Homyk acoriarneHux npasui y Data Mining 6
11 [ Exementn xomn’rotepHoi JiHrBicTHKH. Text Mining 6
12 | Data Mining y peampHOMY Haci 4
Pa3zom 64
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7. MeToam HABYAHHSA

[Ipy BUBYEHHI TUCHMILUTIHU BUKOPUCTOBYIOTHCS:

1. JugakThudHi METOAM — JIEKIi 3 BUKOPHUCTAHHAM MYJbTHUMEIIHHUX
Mpe3CHTAIH.

2. [IpakTuyHl METOAM: MPAKTUYHI POOOTH 3 BUKOPUCTAHHSIM IPHUKIATHOIO
MIPOTPaAMHOT0 3a0e3NeUeHHS

3. MeTo1 caMOCTIMHOTO HaBYaHHS.

4. AKTHBHI METO/IM: EKCIIPEC ONUTYBAHHS.

5. CnoBecHI METOIM HaBYAHHS: JICKIII1, OeCiIn

8. MeToau KOHTPOJIIO

BukopucToBYHOTHCSI HACTYIHI METOAH KOHTPOJIIO:
1. IloToyHU#M KOHTPOJIb 3HAHD:
- YCHE ONHUTYBaHHS,
- BUKOHAHHSI TPAKTUYHUX POOIT;
- BUKOHAHHS JJOCJIITHUIIbKUX 3aBJaHb.
2. [TizcyMKOBHI KOHTPOJIb 3HaHb (ICTIUT):
- eK3aMEHalIliifH1 O1JIeTH.

9. Kpurepii oniHioBaHHsI pe3y/ibTaTiB HABYAHHS

Po3noain 6auiB, IKi 0OTpUMY€ acipanT

o
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IIIkajga oniHIOBAaHHA

Cyma 6aJriB 3a Bcj Ouninka 32 HAIIOHAJILHOIO LIIKAJI0I0
BH/IA HABYAJIBbHOI
NiSIJILHOCTI AJIS icnuTy
BIIMIHHO» - 3700yBa4 MOBHO 1 BCEOIYHO PO3KPHUBAE MUTAHHS
90-100 TEMH, BIJIbHO OIEPY€E MOHATTSAMH 1 TEPMIHOJIOTIE0, IEMOHCTPYE

IJIMOOKI 3HAHHS JDKEPEJ, Ma€ BJIACHY TOYKY 30pPy CTOCOBHO
BIJIMTOBITHOT TEMH 1 MOKE apTYMEHTOBAHO 11 IOBOJIUTH

«mo0pe» - 3arajJoM piBeHb 3HaHb 3/00yBadiB BIAMOBiTa€E
7589 BUKJIAZICHOMY BHIIE, ajJl€ MAIOTh MicCIle AEsAKi YIMyIIeHHS NpH
) BUKOHAHHI  3aBJaHb,  OOIPYHTYBaHHA  HETOYHI,  He
HiATBEPIKYIOTHCS JOCTATHHO OOIPYHTOBAHNMH JIOKa3aMHU

«3JI0BUTBHO» - 3700yBad PO3KPUB THUTAHHS, B 3arajJbHUX
60-74 pucax, po3yMie iX CyTh, HAMara€eTbcsi pOOUTH BHCHOBKH, ajic
) Opu  I[bOMY TMPHUIIYCKAETHCA TPYOMX TIOMHJIOK, Marepial
BHUKJIAJA€ HEJOrIYHO 1 HE CAMOCTIIHO

HE33JIOBUTPHO» - 3 MOJKJIMBICTIO IOBTOPHOTO CKJIAJaHHS,
35.59 3100yBa4 He B 3M031 JaTH BIANOBIIb HA TIOCTABJICHE 3aITUTAHHS
) abo BIAMOBiOs HEMpaBWIbHA, HE PO3YMi€ CyTi NHUTaHHS, HE
MOJK€ 3pOOHTH BUCHOBKH

0-34 HE3aJI0BLILHO» - 3 OOOB’SI3KOBMM IIOBTOPHHM BHBYCHHSIM
JUCLIUILTIHA

10. OpieHTOBHM MEepesTiK MUTAHD 0 MiACYMKOBOT0 KOHTPO.IIO (icuTy)

No ko

© ©

10.
11.
12.
13.
14,
15.
16.
17.
18.

CtpykTypa cucteM MiATpUMKH pimieHb. Krnacudikamis 3amay aHamizy
JaHUX.

basu nanmx. 12 npasun Kogna nis pensiiiiaux 0a3 1aHux.
OLTP-cuctemu. OcHosHi cynepedrocti Mixk OLTP- ta CITP-cucremamu.
O3HaueHHs Ta BIACTUBOCTI CXOBHIIA JaHUX.

Opranizailisi cxoBuIlla JaHUX. BiTprHa naHuX.

OcHoBHI omnepailii 3 JaHUMU TIPU TIEPEMIIIEHHI 1X 0 CXOBHIIIA.

Onepanii 3 JaHUMM, TPEICTABICHUMU Yy OaraTOBUMIPHIA MOJEII.
O3znauennsi OLAP-cucrem.

[TpaBuna Kogna niist OLAP-cuctem.

Apxitektypa OLAP-cucrem.

3anaui Data Mining.

[Mpaktrune 3actocyBanus Data Mining.

Mogneni Data Mining.

3acobu Data Mining.

[Iporiec BUSIBJICHHS 3HAHb.

[ToHSATTS Ta MOKITUBOCTI HEHPOKOMIT FOTEPHUX TEXHOJOTIH.

ApXiTeKTypa HEHPOHHHUX MEPEXK.

Heiiponni mepexi Xondinaa ta Koxonena.

[Iporpamui 3aco0u peanizailii HEUPOKOMIT FOTEPHUX TEXHOJIOT1H.



19.
20.
21,
22,

23.
24,
25.
26.

217,
28.
29.
30.
31.
32,
33.
34,
35.
36.
37.
38.
39.
40,
41.
42.
43.
44.
45,
46.
47.
48.
49,
50.
51.
52,
53.
54,
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KonnentyanbHi 3acany €BOIOLIHHOT TEOPii.
OCHOBHI TOJIOXEHHS T€OP1i FEHEeTUYHUX aJTOPUTMIB.
Mogeni TeHETHYHUX aJITOPUTMIB.

[Iporpamue 3abe3nedyeHHss Ta cdepl 3aCTOCYBaHHS  T'€HETHUUYHHUX

aJTOPUTMIB.

Konrmermnmist HeyiTKuX 004YUCIIEHD.

[Tporpamne 3a0e3neyeHHs HEUITKUX METO/IIB.
CydJacHa mpaKkTHKa 3aCTOCYBaHHS HEUITKHX METO/IB.

Crocobu mpezacTaBieHHs (PYHKIIIOHAJIBHUX 3aJ€KHOCTEM Yy 3amadax

Kiacugikarii.

1R-anroputm Ta meton Naive Bayes.

Metoa onmopHUX BEKTOPIB.

Metoauka «po3auisii Ta BOJIOJAPIO».

Anroputmu ID3 ta C4.5.

AJTOPUTM TOKPUTTSL.

JIiH1#iH1 Ta HEMIHINAHI ANrOPUTMH Kiacudikarii.

BigminHOCTI Mk 3aauaMu Kinacudikaiiii Ta perpecii.

[To6ynoBa nepeBa perpecii.

[TonsiTTst wacoBoro psixy. ETanu mporao3yBaHHs 4aCOBUX PSIiB.
Kiracudikariist Ta eKcTparossilis 4acoBUX PsIiB.

JIiHIAHWA TUCKPUMIHAHTHHAN aHai3 yacoBux psaiB (LDA).
KBanpaTuuHuii AMCKpUMIHAHTHUH aHali3 yacoBux psiB (QDA).
Knacrepizauis y Data Mining.

[epapxiuHi anrOpuTMU KiacTepizarii.

HeiepapxiuHi anropuT™Mu KiacTepizarii.

Kiactepizaiiist 13 BUKOPUCTAHHSIM HEUITKUX BIJTHOIICHb.
[TocTanoBka 3a/1a41 MONIYKY aCOI[IaTUBHUX MPABHIL.

AJITOPUTM TOIITYKY acoIliaTUBHUX MpaBmii APriori Ta HOro pi3HOBHIH.
ANropuTM MOIIYKY acoliiaTUBHUX npasui Eclat.

AJTOPUTMU TOIIYKY acOIIaTUBHUX MPABHI Ha OCHOBI MHOKUHHU BY3JIIB.
3amaui Text Mining.

Meroau knacudikaiiii Ta Kiactepizarii TEKCTOBUX JTOKYMEHTIB.
3aco0u aHami3y TeKCTOBOI 1H(pOpMAITii.

Emmipuuni 3akonomipHocti [unda, bpeadopna, Xinca.
OHTOJI0T1.

Konuernmis Data Mining y peaisHoMy yaci.

PexoMenmariiidi CHCTEMHU.

[ncrpymentu Data Mining y peaibHOMYy Haci.
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11. PexomeHnaoBaHa JiTtepaTypa

OcHOBHA JiTepaTypa AMCUUILIIHA

1. Yepusak O.l.,, 3axapuenko II.B. InTenextyanbHmii aHami3 JaHUX
nigpyunuk. Kuis : 3nanns, 2010. 842 c.

2. Omitnuk A.O., Cy66otin C.O., Onitinuk O.O. [HTeNeKTyansHul aHami3
JAaHUX . HaBYaJIbHUM 1TociOHuK. 3anopixoxs : 3HTY, 2012. 278 c.

3. Jlange I.B., Cy6au L.YO., bospunosa 10.€. OcHoBu Teopii i MpaKTUKU
IHTEJIEKTYaJIbHOT'O aHaMi3y AaHuX y cdepi kibepOe3neku : HaBYaJbHUM MOCIOHUK.
KuiB : IC331 KIII im. Irops Cikopebkoro, 2018. 297 c.

4. Topoxoarcekuit B.O., TBopomenko [.C. MeTonu iHTENEKTyaIbHOTO
aHaji3y Ta oOpoOJICHHS JaHUX . HaB4YainbHUM mociOHMK. XapkiB : XHYPE, 2021.
92 c.

5. bomobam H.M. IaTenexkryaibHui aHA3 JaHUX : HABYAJIBLHUHN MMOCIOHUK.
Muxonais : YHY im. [lerpa Morumm, 2023. 320 c.

6. [Iymeiiko A.A., Cotnuk C.JI. HTEmneKkTyanpHbld aHAINA3 AaHHBIX
(Beeaenue B Data Mining) : yuebHoe nocobue. [{nenponerponck, 2012. 212 c.

7. Aggarwal Ch.C. Data Mining: The Textbook. Springer, 2015. 745 p.

8.  Tan P-N., Steinbach M., Karpatne A., Kumar V. Introduction to Data
Mining: second edition. Pearson, 2019. 866 p.

9. Jamsa K. Introduction to Data Mining and Analytics with machine
learning in R and Python. Jones & Bartlett Learning, 2020. 668 p.

JlonomiskHa JiTepaTypa QM CHUILIIHUA

1. Aximenko B.B. Tlpuknamni 3amadi 1HTENEKTYaJbHOTO aHaNI3y JaHUX
(DATA MINING). Kuis : KHY im. Tapaca IlleBuenka, 2018. 152 c.

2. Witten I.H, Frank E. Data Mining: Practical Machine Learning Tools and
Techniques. 2nd edition. Morgan Kaufmann Publishers, 2005. 557 p.

3. Han, J., Kamber, M., Pei, J. Data mining: Concepts and techniques, third
edition. Morgan Kaufmann Publishers, 2012. 739 p.

4. Flach P. Machine learning: The art and science of algorithms that make
sense of data. Cambridge University Press, 2012. 409 p.

5. Campbell A. Data Visualization Guide. Clear Introduction to Data Mining,
Analysis, and Visualization Independently Published, 2021. 114 p.
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