HAIIIOHAJIbHA AKAJTEMISI HAYK YKPATHU
IHCTUTYT NPUKJTATHOI MATEMATUKHU I MEXAHIKH

«3ATBEPVKYIO»
weanzpupexrop IIIMM HAH Ykpaiau

.

POBOYA INTPOI'PAMA HABYAJBHOI AMCUUILIIHUA

IlpuknaaHi MeTOAH iHTE/IEKTYaJbHOI0 aHAJI3Y 1AHHX TA 3HAHb

HiArOTOBKH 3100yBaviB CTyNeH: BHILOI OCBITH
TpeTit (OCBITHLO-HAYKOBHH)
aokTopa dinocodii

rajy3sb 3HaHb |1 MaremaTHka Ta CTaTUCTUKA

cneuwianabHicTs 113 [Ipukinagga mateMaTuka

Yepkacu — 2024 p.



Po6oua HaBuanbHa nporpama HaB4YadbHOT AuCHUIUIIHU «[Ipukianni metoau
IHTEJIEKTYallbHOTO aHaJI3y JIaHUX Ta 3HAaHbY» JJIs 37100yBayiB HAyKOBOI'O CTYTEHS

nokropa ¢inocodii 3a cnemianpHicTio 113 [Ipukinaana maTemMaruka

Po3poOHuk:
Cenuenko Onexciii CepriioBud, cTapiivii HAYKOBUI CHIBPOOITHUK BIILTY

TeOpﬁ KCPYHOUYUX CUCTCM, KaHIUAAT (l)iSI/IKO-MaTeMaTI/I‘{HI/IX HayK, TOLCHT

Pob6ouy nporpamy cxBaneHo Ha 3aciflaHH1 BIAULY Teopli KepyIOUUuX CUCTEM

[Tporokon Ne 3 Big 23.09.2024 poxky.

3aBigyBad Bimainy e Kononos FO.M.

CxBaneHo HaykoBo-MeToaMuHOIO pamoro [HCTUTYTY MpUKIAAHOI MAaTEeMAaTHKH i
mexaHiku HAH Ykpainu

[Iporokon Ne 4 Binm 26.09.2024 poky.

['onoBa HAyKOBO-METOAUYHOT PaIH (,/(/ 7 /7 Hecmenosa O.B.
e



1. Onuc HABYAJBLHOI JUCIMILIIHHA

HalimenyBanHs
MOKa3HUKIB

lNay3pb 3HaHB, HaIIpsAM
IATOTOBKH, OCBITHLO-
kBaiikamiifiHuil piBeHb

XapakTepucTUKa HaBYAIbHOT
JUCIUTIIIHI

KinpkicTe kpeauris - 4

l'any3p 3HaHBb:
11 «MaremaTuka ta

JUCITUILIIHA BUTBHOTO BHOOPY

acmipanra
CTaTHUCTHKA»
Pik miaroroBku:
CreriaibHICTh. 1-2
3aranpHa KUIBKICTh TOJIUH 113 «IIpuknamHa Cemectp
-120 MaTeMaTHKa»
2,3
Jlexii
28 ron
[TpaxkTruHi
TwKHEBNX TOMHH: OcBiTHBRO-KBaTTI(IKAIIITHUT 28 ron

aynutopHux — 1,5

camocTiitHOo1 pobotn — 1,7

PIBEHB!
nokTop dimocodii

CamocriifHa poOoTa

64 rox

Bun xoHTpoI0: icnuT




2. MeTa, 3aB1aHHS Ta 04iKyBaHi pe3yibTAaTH HABYAJIbHOI JUCIHUILTIHHU.

Metorw HaBuanbHOi JuCUUIUIIHU «lIpUKnagHi METOOU IHTENEKTYyaJlbHOIO
aHali3y JaHUX Ta 3HAHb» € IMOCIIJIOBHE BHUKIIAJIEHHA METOMAIB Cy4acHOi 0OpoOKu
JaHUX — AHAJIITUYHOTO JOCIHPKEHHS BEJIMKUX MAcCUBIB JaHUX 3 METOIO BUSBJICHHS
y HUX HOBHX, paHIlI€ HEBIIOMHUX, HETPUBIATBHUX, MPAKTUYHO KOPUCHUX 3HAHb 1
3aKOHOMIPHOCTEH, HEOOXIAHUX JJIA NPUUHSTTS PIlIEHb Y PI3HOMAHITHX cdepax
JIOJACHKOI  JISJIBHOCTI,  PO3TJISAJ — MPAaKTUYHUX  MNPUKIAIIB  3aCTOCYBaHHS
IHTEJNIEKTYaJIbHOTO aHaNi3y JaHUX Ta OIJIAJ] METOMIB, NMPOTrpaMHUX MPOAYKTIB 1
PI3HUX THCTPYMEHTAIBHUX 3aC001B, SIKI BAKOPUCTOBYIOTHCS B aHAJII31 JaHUX.

3aBIaHHA HABYAJIBHOI JUCIIUIUIIHUA.

® O3HAMOMJIGHHS Ta OBOJIOJIHHS KJIACHYHUMHU Ta CYYaCHHUMH METOJaMu
THTEJNIEKTYaJIbHOTO aHaANI3y JaHUX;

® OBOJIOJIHHS TEOPETUYHUMHU TOJOKEHHAMH T4 OCHOBHHUMHM 3aCTOCYBaHHSIMU
AiHIAHOT anrebpu, Teopii 0a3 JaHWX, Teopii MMOBIPHOCTI, MAaTEMAaTUYHOI
CTaTUCTHKH, AOCTIPKEHHS Olepalii y X MeToaax;

® OTpUMAaHHS MPAKTUYHUX HABUYOK 3 BHKOPHUCTAHHS 1HCTPYMEHTAJIBHUX
3ac00IB 1HTENEKTYaJbHOTO aHaNI3y JaHUX MNpPU PO3B’SA3aHHI MPUKIATHUX
3a/lay Ta BIPHOI IHTEpIpeTallii OTPUMAHUX PE3yJIbTaTIB.

OuikyBaHi pe3yJibTaTH HABYAJIbHOI JUCIHUILTIHH

3arajgbHi KOMIIETEHTHOCTI:

¢ 3K1. Anani3 i cuHTe3. 3MaTHICTH JI0 aHaJli3y Ta CUHTE3y Ha OCHOBI JIOTTYHUX
apryMeHTIB Ta TepeBipeHuX (akTiB; HABUUKH YIpaBIiHHS iH(opMaIli€ro
(YMIHHS 3HAXOJUTH Ta aHAI3yBaTH 1HPOPMAIIIIO 3 PIZHUX JKEPEN).

¢ 3K3. 'myukicte MucaeHHsi. HaOyTTs rHy4KOTO Crioco0y MUCICHHS, SIKUW Ja€e
MOJIMBICTD 3pO3YMITH i pO3B’s3aTu MpoOJieMH Ta 3ajadi, 30epirarouu npu
[IbOMY KPUTHUYHE BITHOIICHHS JI0 YCTAICHUX HAYKOBUX KOHIICTIIIIMH.

e 3K4. Kpearusnicts. IloTeHmian KpeaTMBHOCTI y TeHEpyBaHHI ifedl Ta
JTOCSATHEHHI HAYKOBUX ITLICH.

¢ 3K5. I'pynoBa po6oTa. 3gaTHICTh 10 B3aeMoIii (poOoTa B KOMaH/1); 3AaTHICTh
IpaIfOBaTH B MUKIUCIUIUTIHAPHIA KOMaH/].

¢ 3K7. MixHapoaauii Kpyrosip. 3AaTHICTh MpaIlOBaTH B MIKHAPOIHOMY
CEPENIOBUIIl, CTABUTHUCS 13 TOBArol 10 HAIIOHAIBHUX Ta KYJIbTYPHUX
TpaaMIlii, CIToc00iB POOOTH IHIMHUX WICHIB TPYITH.

¢ 3K8. IlomynspuzamiitHi HaBHYKW. BMiHHA coiuikyBaTucs 13 HedaxiBISIMHU;
3/IaTHICTh MPOBECTH YCHY MPE3EHTAIlII0 Ta HAMKCATH 3PO3YMLTY CTATTIO 3a
pe3ynbTaTaMu TPOBEICHUX JOCTIIKEHb, a TaKOX MO0 CyYaCHUX
KOHIENIIA y TNPUKIAIHIA MareMmaruii s HedaxiBmiB y Mii ramysi;
3IaTHICTh CIUJIKYBATHUCS 3 €KCIIEPTAMU 3 1HIIKX Tany3ei.

¢3K11. Etnuni yctanoBku. ETnka moBemiHKM B HAYKOBHUX JOCIIIKCHHSIX;
TypOOTa NPO SIKICTh PE3yJIbTATY.

¢ 3K12. Ocobucti sikocTi. 3AaTHICTh JO HaBYaHHS, CAMOPO3BUTKY Ta



CaMOBJIOCKOHAJICHHSI TPOTATOM J>KUTTSA; BU3HAYEHICTh 1 HAIOJETJIUBICTD
1010 TOCTABJIEHUX 3aBIAaHb 1 B3ATUX 000B’ A3KIB.

daxoB1 KOMIIETEHTHOCTI:
®K2. 3paTHICT, 3aCTOCOBYBaTHM CydYacHY METOJIOJIOTIIO, 3arajbHl Ta
creniaibHi METOAM HAyKOBOT'O JIOCHIJIKEHHS 32 CHELIaJIbHICTIO Ta 00PaHOoI0
crieriani3aicro.
OK 5. YMinHg OyayBaTH aJeKBaTHI MaTeMaTH4HI MOJIENI, JOCTIIKYyBaTH
noOyI0BaH1 MOJIeJIi Ta BU3HAYATH MOXKJIIMBOCTI 1X 3aCTOCYBaHHSI.
OK 8. 3nmatHiCTh 3MIHCHIOBATH JOCIIKCHHS MPUKIAJHUX MaTEMaTUYHUX
3a71a4 3 BUKOPUCTAHHSAM CIEHIAIbHUX MaTeMaTHYHUX TaKeTIB Ta
aHai3yBaTH OTPUMAaHI JaHl.
OK18. 3paTHICTF €()EeKTUBHO aHaNI3yBaTH BeJIMKI HA0OpU PIZHOPILAHUX
JAHUX 13 BUKOPUCTAHHSAM METOJ[IB MAIIMHHOTO HAaBYaHHS, CTATHCTHKH,
MITYYHOTO 1HTEJIEKTY TOIIIO.

[Tporpamui pe3yJbTaTH HaBYAHHS

PH 1. 3Hatu ta po3ymiTu TpaauiliiiHi Ta TEpeloBl TEHJAEHIII B Traiysi
NPUKIAJHOI MaTeMaTHKH, €Tald ICTOPUYHOTO PO3BUTKY MaTEeMaTHYHHX
3HaHb 1 MapajaurM, (OpMyBaHHS MOMIMOJIEHOT CUCTEMU HAYKOBUX 3HAHb 3a
HAIPSIMOM JIOCHI/I>KEHb.

PH 3. 3naTn ocHOBHI MpUHIMIHN, (OPMHU Ta METOJIU MPOBEIEHHS HAYKOBUX
JOCIIDKeHb B Taiy3l MPUKIATHOT MAaTeMaTHKH, BOJOMITH MaTEeMaTUYHUM
amapaToM B 00’€Mi, T0CTaTHBOMY JIsl PO eCIMHOT MTISITBHOCTI.

PH 4. Bmitu OyayBaTtu Ta JOCHIIKYBAaTH MaTeMaTH4YHI MoOAen (Pi3UUHHX,
COITIATbHO-€KOHOMIYHHUX, TEXHIYHUX, O10JIOTTYHUX TOIIO MPOIIECiB, CUCTEM,
npoiieciB, GopmanaizyBaTd MpoOJIeMH, OINKCaHI TPUPOIHOI MOBOIO, 3a
JOTIOMOTOI0 MAaTeMaTUYHUX METOJIB, 3aCTOCOBYBATH 3arajbHi IMIIXOAU 10
MaTEMaTUYHOT'O MOJICIIOBAHHS KOHKPETHHUX MPOLIECIB.

PH5. Maru HaBUYKM  BUKOPUCTaHHS  3arajJibHUX  OQICHUX  Ta
CHEIliai30BaHUX TMPOTPAaMHUX 3aco0iB  3a HampsiMoM  TpodeciitHoi
TSTTBHOCTI, BMITH KOPUCTYBATHCS CIICIIaII30BaHUMH IHTEPHET-PECYPCaMHU.
PH9. Bwmitu opraHidyBaTH HENEpEepBHUI BIACHUNA CaMOPO3BUTOK 1
CaMOBJIOCKOHAJIEHHS, HAOYTTS THYYKOTO CIIOCOO0Y MUCJICHHS TPU TBOPUOMY
JOCIIHKCHHI, B TOMY YHCII TPUKJIATHAX MaTEMaTUIHUX TIPOOIIEM.

PH 15. Ymitu 3xaiiicHioBaTu 30ip, ONpaIfoBaHHs, aHAi3, CHCTEMATHU3AIIIIO,
3aXUCT CIEIiajgi30BaH0i HAYKOBO-TEXHIUHOI 1H(MOpMAIIi 3 PI3HUX KEPET,
YHUKAIOUW MPHU IbOMY aKaJIeMIYHOI HeTOOPOYECHOCTI, pOOUTH Bi3yari3alliro
aHamizy iH(popMmarrii.

PH 17. 3naT OCHOBHI YMCEIbHI METOJM Ta aJTOPUTMHU PO3B’SI3aHHS 3a7a4
MPUKJIATHOT Ta 00YMCTIOBAIbHOT MAaTEMaTUKH.

PH 18. 3natu Ta BMITH HOCHIIKYBaTH OCHOBHI MaTE€MaTU4YHI MOJENL, 110
BUKOPUCTOBYIOTBCS JIJII OMHUCAHHS Ta JOCTIDKEHHS JUCKPETHHX CHCTEM



pI3HUX TUMIB, PEali30BYBaTH aJITOPUTMHU MOJICIIOBAHHS JJI TOCTIIKCHHS
XapaKTEPUCTUK 1 TMOBEAIHKH CKJIAAHUX OO €KTIB 1 CHUCTEM, MPOBOJIUTH
€KCIIEPUMEHTH.

3a pe3ynabTaTaMy BUBUCHHS HABYAJIBHOI AMCIUIUIIHK 3100yBay JIOKTOpa

¢irocodii moBUHEH:
3HATH.

0a30B1 BU3HAYEHHS, 3MICTOBY 1 MaTEMaTUYHY MOCTAaHOBKY OCHOBHHX 3aj]ia4y
aHai3y JIaHUX Ta CIOCOOU iX PO3B’SA3KY;

CYTHICTh 1 BJIACTUBOCTI OCHOBHHUX aJTOPUTMIB IHTEIEKTYaJIbHOTO aHali3y
JaHUX;

OCHOBM  Oprasizamii Ta  TEXHOJOrli  KOMII'IOTEPHOI  OOpOoOKH
€KCIIEPUMEHTATbHUX 1 CTATUCTUYHUX JIAHUX.

BMITH:

oOrpyHTOBYBaTH BUOIp 3ac00IB 1 METOJIIB JIJISl PO3B’SI3KY KOHKPETHUX 3a/1a4
aHaJi3y JaHUX,

3aCTOCOBYBATH BUBUEHI METO/IM aHANI3Y JaHUX;

NPEJICTABIISATH PE3YJIbTATU aHAJI3Y B 3pYYHOMY JJIsI CIIPUMHATTS BUTIISIL.



3. IIporpama HaBYAIBLHOI JMCIUNJIIHH

Tema 1. Cucremu minTrpumkn pimens (CIIP). [3: 10-19; 4: 62-67; 8: 1-22]

1. Crpykrypa CIIP. Knacudikanis 3aga4 aHatizy JaHUX.

2. bazu nanux. 12 npasun Konna ais pensiiiinux 0a3 1aHuX.

3. OLTP-cucremu. OcnoHi cynepeunocti Mixk OLTP- ta CIIP-cuctemamu.

Tema 2. CxoBuma ganux. [1: 95-140; 5: 30-36; 7: 27-62; 9: 75-102; A3: 83-120]
1. O3HayeHHs Ta BIACTUBOCTI CXOBUIIA JaHUX.

2. Opranizanisg cxoBulla JaHuX. BiTpuHa naHux.

3. OcHOBHI onepallii 3 JaHUMU IPU MEPEMILLIEHHI iX 10 CXOBHUIIA.

Tema 3. OLAP-cucremu. [1: 144-192; 8: 23-112; A3: 135-149, 156-164]

1. Oneparii 3 gaHUMU, TpeICTaBICHUMU y OaraToBUMIpHIA Mozeni. O3HaueHHS
OLAP-cuctem.

2. IIpaBuna Koxna nns OLAP-cucrem.

3. Apxirektypa OLAP-cucrem.

Tema 4. InTesiekTya bHUI aHami3 qanux. [1: 18-52; 3: 15-19; J3: 83-120; A5:
30-34]

1. 3agaui Data Mining.

2. IlpakTuune 3actocyBanuns Data Mining.

3. Mogeni Data Mining.

4. 3aco6u Data Mining.

5. [Ipotiec BUSBICHHS 3HAHb.

Tema 5. «M’siki» ooumcaenns y Data Mining. [1: 199-293, 431-522, 545-634;
2: 109-135, 210-259, 3: 96-99; 4:68-74; 5: 198-233; 6: 42-95]

1. EBomrolriitH1 TeXHOJIOT1T Ta FTeHeTUYH1 aJITOPUTMH.

2. Heuirka norika.

3. HeitponHni mepexi.

Tema 6. 3agaui knacudikanii ranux y Data Mining. [1: 640-690; 3: 39-44, 46-
60; 4: 23-37; 5: 114-153; 6: 111-130; 7: 285-388; 8: 113-192; 9: 485-529; 3:
327-438; 4: 49-89; 15: 21-22]

1. Cmnocobu mnpencraBineHHs (GYHKIIOHATBHUX 3aJ€KHOCTEH Yy 3amadax
Kiacudikartii.

2. 1R-anroput™m Ta metox Naive Bayes.

3. MeTtoa onopHUX BEKTOPIB.

4, MeTonuKa «po3iIsii Ta BOJIOJAPION».

5. Anroputmu ID3 ta C4.5.

6. AITOPUTM MMOKPUTTH.

7. JIiniitH1 Ta HENMiHIHI aNMTOPUTMU Kiacudikarii.

Tema 7. 3amadi perpecii y Data Mining. [2: 107-109; 3: 44-46; 4: 16-23; 5: 255-
287; I1: 96-108; N2: 243-253; 13: 99-105; [4: 91-94, 148-152]

1. BinminHOCTI MK 3aa9amMu Kiacudikalii Ta perpecii.

2. [TobynoBa nepesa perpecii.



Tema 8. Anauni3 wacoux psigis. [3: 20-38; 5: 164-197; 6: 136-142; 7: 457-492;
J1: 82-95; [12: 311-312; J13: 586-591]

1. TTonsITTSI 9acoBOTO psiAy. ETamu mporHO3yBaHHS YaCOBUX PSIIB.

2. Knacudikaris Ta eKCTpamnossiis 4aCoBUX Ps/IiB.

3. JlinifiHuii JUCKpUMIHAHTHUHN aHaii3 yacoBux psniB (LDA).

4. KBagpaTHuHUH TUCKPUMIHAHTHUIN aHasi3 yacoBux psaiB (QDA).

Tema 9. Anropurmu kjaacrepizauii y Data Mining. [1: 691-750; 3: 61-95; 4:
42-51; 5: 77-113; 6: 97-111; 7: 153-237; 8: 525-612; 9: 446-484; I1: 109-128;
J2: 136-139, 254-270; 14: 245-261]

1. Knacrepizanis y Data Mining.

2. lepapxiuHi aaropuTMH KiacTepizallii.

3. HeiepapxiuHi anroputMu kiacrepizaiii.

4. Knacrepizailisi 3 BAKOPUCTAHHSIM HEUITKUX BiTHOIIEHb.

Tema 10. ITomyk aconiarmBHux nmpaBua y Data Mining. [1: 322-430; 2: 75-87,
4: 38-41; 5: 154-163; 7: 93-152; 8: 357-450; 9: 563-590; A1: 129-150; A2: 112-
118]

1. ITocTaHOBKa 3a7a4i MOIITYKY aCOIIaTUBHHUX TIPABUII.

2. Anroputm Apriori Ta Horo pi3HOBHU/IH.

3. Anropurm Eclat.

4. ANTOpUTMHU Ha OCHOBI MHOXHHU BY3JI1B.

Tema 11. EiemenTn komn’1oTepHoi Jinrpicruku. Text Mining. [3: 244-276; 6:
136-142; 7: 429-456; 9: 591-608; A2: 351-356]

1. 3agaui Text Mining.

2. Metoau kinacudikallii Ta kiactepizallii TEKCTOBUX JIOKYMEHTIB.

3. 3acobu aHasi3y TeKCTOBO1 iH(pOpMaIlii.

4. Emnipuuni 3akoHomipHocTi Lunda, bpendopaa, Ximnca.

5. OnTomorii.

Tema 12. Data Mining y peaanbHomy 4aci. [3: 117-153; 6: 172-196; 7: 389-428]
1. Konnermis Data Mining y peanpHOMY 4aci.

2. PexoMeHmamiiai CHCTEMHU.

3. Incrpymentu Data Mining y peanbHOMY Yaci.



4, CTpyKTypa HaBYAJbHOI JUCHMUILTIHU

KinbkicTh rognu

y TOMY YHCJIi

HasBa Temu o = g
3 g z 2 = o
2 = = = = 5
9 & = Q3
> 2 g = g3
= O
1 2 3 4 5
Tema 1. Cuctemu miqTPUMKH pIllI€Hb 7 2 2 3
Tema 2. CxoBwuia JaHuX 7 2 2 3
Tema 3. OLAP-cucremu 8 2 2 6
Tema 4. IHTenexTyanbHUI aHai3 JaHUX 9 2 2 5
Tema 5. «M’ski» oburcienns y Data Mining 12 2 2 8
Te_M:a 6. 3amaui knacudikamii nranux y Data 14 4 4 6
Mining
Tema 7. 3agaui perpecii y Data Mining 10 2 2 6
Tema 8. AHaii3 4acoBUX PSIIIB 9 2 2 5
Tema 9. Anroputmu kiactepizaitii y Data Mining.| 10 2 2 6
Te'M'a 10. ITouryk acoriaTuBHUX npaBui y Data 10 2 5 6
Mining.
Tema 11. EnemenTH KOMIT 10T€pHOT JIIHTBICTUKH.
. 14 4 4 6
Text Mining
Tema 12. Data Mining y peanpHOMY 4aci 10 2 2 4
Ycboro roauH 120 28 28 64
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5. TeMM NPAKTHUYHMX 3aHATH

Ne
3/

Ha3zBa Temu

KinbkicTh
rOANH

CucTeMu IiITpUMKH PillICHb.

2

CxoBuIla JaHux.

OLAP-cucremu.

[HTenexTyanbHMl aHaIi3 TaHUX.

«M’siki» obumcienns y Data Mining.

3anaui knacudikanii nanux y Data Mining.

3anayi perpecii y Data Mining.

AHaJi3 4acOBUX PSIIIB.

Anroputmu kiactepizaiii y Data Mining.

[Momyk acomiaTuBHuX npasui y Data Mining.

o
RiIB|lo|eo|v|o|u|~|w|N]-

EnemenTtn komm 1oTepHoi aiHrBictuku. Text Mining.

[EEY
N

Data Mining y peaisHOMY Yaci.

NIEININININIEAININININ

Pazom

N
oo

6. Temu 11 caMOCTiiiHOI podoTH

1o

3/m

Ha3zBa Temn

KinbkicTh
roIuH

CucremMu MiITPUMKH PillleHb

3

CxoBuIIa JaHux

OLAP-cucremn

[HTENeKTYyanbHUI aHAJI3 TaHUX

«M’ski» oburcienns y Data Mining

3anaui kinacudikaiii qanux y Data Mining

3anaui perpecii y Data Mining

AHaJi3 4aCOBUX PSIJIiB

AunroputMu Kiaactepizamnii y Data Mining

IMomyk acomiatuBHuX npasui y Data Mining

e
i b= o] Foo] BN KopY Fo,1 NN FOVY § N o

EnemenTn koM toTepHOi diHrBicTHkKU. Text Mining

[EEN
N

Data Mining y peaipHOMY 4aci

AlO|O|O|O1IIO|O|0|OT|O|W

Pa3zom

()]
~
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7. MeToay HABYAHHSA

[Ipu BUBYEHH1 AUCIUILUTIHM BUKOPUCTOBYIOTHCS:

1. JlupakTHuHI METOAM — JEKUli 3 BUKOPUCTAHHIM MYJIbTUMEAIMHUX

Mpe3eHTalli.

2. [lpakTU4H1 METOAM: MPAKTHUYHI POOOTH 3 BUKOPUCTAHHSAM HPHUKIATHOTO

MPOTPaMHOI0 3a0e3neYeHHs
3. MeToa caMOCTIHHOTO HaBYaHHS.
4. AKTHBHI METOJIN: €KCIIPEC OMUTYBAHHS.
5. CnoBecH1 METOJIM HaBYAHHS: JIEKII1, OeC1In

8. MeToau KOHTPOJII0

BukopucTOBYIOTHCS HACTYIHI METOIN KOHTPOJIIO:
1. T[ToToyHMI1 KOHTPOJIH 3HAHD:
- YCHE OINUTYBaHHS;
- BUKOHAHHS TPAaKTUYHUX POOIT;
- BUKOHAHHS JIOCIITHUIIBKUX 3aBJIaHb.
2. TTincyMKOBUI KOHTPOJIb 3HaHb (ICIUT):
- eK3aMeHallliiH1 Ou1eTn.

9. KpuTepii oniHiOBaHHS pe3yJIbTATIB HABYAHHS

Po3nonia 6aJiB, siki oTpuMy€ acnmipaHT

o

~| = @

AyauTopHa podora = 5|2 °E

=s| 2|5

TS| & 2|EE

TeMH e |28l g &

=228l =g

== E(E" 2 =

O |EE|l=&

TL| T2 | T3| T4 | 15| T6| T7 | T8 | T9 | T10| T11 | T12 AR
[ap)]

4| 4| 4| 4| a|5s5|a|a|4|4|5]| 4] 10] 40| 100
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[IIkaJya oniHIOBAHHA

Cyma 6auiB 3a Bci Oninka 32 HAiOHAJILHOIO IKAJI0I0
BU/IU HABYAJIHHOI

TiJILHOCTI AJIs1 ICIHUTY

«BIIMIHHO» - 3/100yBa4 MOBHO 1 BCEOIYHO PO3KPUBAE MUTAHHS
TEMHU, BUTBHO OTIEPYE MOHATTSIMH 1 TEPMIHOJIOTIEIO, JEMOHCTPYE
IJIMOOKI 3HAHHS JPKEpeJ, Ma€ BIIACHY TOYKY 30py CTOCOBHO
BiJIMIOBIIHOT TEMH 1 MO’KE apT'YMEHTOBAHO ii TJOBOJUTH

90-100

«mobpe» - 3araJioM pIiBeHb 3HAaHb 3700yBadiB BIAMOBITAE
BUKJIQZICHOMY BHILIE, aj€ MaroTh Miclle JEsKl YHYIIEHHS IpH
BUKOHAaHHI  3aBJaHb, OOTpYHTYBaHHS HETOYHI, HE
HIATBEPPKYIOTHCS JOCTaTHRO OOTPYHTOBAHUMHU JI0Ka3aMU

75-89

«3a/I0BUIbHO» - 37100yBau pO3KpUB IUTAHHS, B 3arajlbHUX
pucax, po3yMi€ iX CyTb, HAMAraeTrbcsi poOUTH BUCHOBKH, ajie
Opy IBOMY HPUITYCKAETHCS TpyOMX TIOMUJIOK, MaTepial
BHUKJIAIa€ HEJIOTIYHO 1 HE CAMOCTIHHO

60-74

HE3aJ0BUTPHO» - 3 MOXJIMBICTIO TIOBTOPHOTO CKJIQJIaHHS,
3100yBad HE B 3MO31 JaTH BiAMOBIh HA MOCTABIICHE 3aITUTAHHS
abo BIAMOBiAb HENpPaBWJIbHA, HE PO3YMI€ CyTi NUTAHHS, HE
MOKe 3pOOUTH BUCHOBKH

35-59

HE33JIOBUTPHO» - 3 O0OOB’SI3KOBHM TIOBTOPHHM BUBYCHHSIM
IUCHAIUIIHA

0-34

10. OpieHTOBHMII MEepeTiKk MUTAHb 10 MiICYMKOBOI0 KOHTPOJIIO (icuTy)

Noakown

©

10.
11.
12.
13.
14.
15.
16.
17.
18.

Crpyktypa cucTeM MIATPUMKH pimieHb. Kiacudikamis 3amad a”amsy
TaHUX.

ba3u nanux. 12 npaBui Koana nis pensiiiaux 6a3 1aHuX.
OLTP-cuctemu. OcHoBHi cynepeurocti Mixk OLTP- ta CIIP-cucremamu.
O3HaueHHs Ta BIACTUBOCTI CXOBHUIIA JaHUX.

Opranxizamis cXOBHINA JaHUX. BiTpuHa naHux.

OcHOBHI orepariii 3 JaHUMH IPU IIEPEMIIICHH1 iX 10 CXOBHIIA.

Omneparii 3 JaHUMHU, TPEACTaBICHUMH Yy OaraTOBUMIpHIM MOJEI.
O3znauennst OLAP-cuctem.

ITpaBuna Kogna ans OLAP-cuctem.

Apxitektypa OLAP-cucrem.

3amaui Data Mining.

[TpakTrane 3actocyBanHs Data Mining.

Moneni Data Mining.

3acobu Data Mining.

[Ipouiec BUABICHHS 3HAHb.

[ToHSATTS Ta MOKIIMBOCTI HEHPOKOMIT IOTEPHUX TEXHOJIOT1H.

ApXITEKTypa HEUPOHHUX MEPEXK.

Heliponni mepexi Xonduiaa ta Koxonena.

[Iporpamui 3aco0Ou peanizailii HEHPOKOMIT FOTEPHUX TEXHOJIOT1H.
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24,
25,
26.

217,
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36.
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38.
39.
40.
41.
42.
43.
44,
45.
46.
47.
48.
49.
50.
ol.
52,
53.
o4,
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KoHuenryaibHi 3acagu eBOJIOLINHOT TEOPii.

OCHOBHI NIOJIOKEHHS TEOP1i TEHETUYHUX AITOPUTMIB.

Mopeni TeHeTHYHUX aJITOPUTMIB.

[Iporpamue 3abe3nedyeHHss Ta cdepl 3aCTOCYBaHHS  T€HETUYHHUX
AITOPUTMIB.

Konmeniris He4ITKUX 0OUUCIICHbD.

[Iporpamue 3a0e3neYeHHsI HEUITKMX METOIIB.

CyyacHa npakTHKa 3aCTOCYBaHHS HEUITKUX METO/IIB.

Cnocobu mpencrtaBiieHHs (QYHKIIIOHAIBHUX 3alIeKHOCTEH y 3ajadax
Kiacugikaii.

1R-anroput™m Ta Metox Naive Bayes.

MeTo1 OOPHUX BEKTOPIB.

Metoauka «po3/iysiidi Ta BOJIOAAPIOi».

Anropurmu ID3 Ta C4.5.

ANTOPUTM TOKPHTTS.

JliniliH1 Ta HENHINAHI aNTOPUTMH KiIacudikarlii.

BinMinHOCTI MK 3a/1ayamMu Kiacu@ikaiii Ta perpecii.

[ToGynoBa nepesa perpecii.

[TonsTTs wacoBoro psay. ETanu nporHo3yBaHHs YaCOBHX PSIB.
Kiacudikarris Ta ekcTpanossifis 4aCoBUX PSJIiB.

JliHiifHAN TUCKPUMIHAHTHUIN aHaTi3 yacoBux psaiB (LDA).
KBanpatnunuii [MCKpUMIHAHTHHUI aHaji3 yacoBux psaiB (QDA).
Kunacrepizanis y Data Mining.

[epapxiuHi aATOpUTMU KJIacTepi3allii.

Heiepapxiuni anroputmu Kjiactepizaiii.

Kiractepizartiist 13 BAKOPUCTAHHSIM HEYITKHX BITHOIICHb.

ITocTaHOBKa 3a/1a4i MONTYKY acOI[IaTUBHUX IIPaBHUII.

AJITOPUTM TIONIYKY aCOIIATUBHUX MPaBuia APriori Ta HOro pi3HOBHIH.
AJITOpUTM TIOIIYKY acomiaTuBHUX mpaBui Eclat.

AJNTOPUTMH MOIITYKY aCcOIIaTUBHUX IIPABUJ HA OCHOBI MHOKHHH BY3JIiB.
3amaui Text Mining.

Meronu knacudikarii Ta Kiactepizaiii TeKCTOBUX JOKYMEHTIB.
3acobu aHamizy TeKCToBOi iH(OpMaITii.

Emnipuuni 3akonomipuocti Hunda, bpendopna, Xirca.

OwnTouorii.

Konmnenmist Data Mining y peanbHoMYy Jaci.

PexomennariitHi cucteMu.

[actpymentu Data Mining y peanbHOMY Yaci.
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